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FEE Tommy went to a grocery store and bought 2 packs

{;E’]Q@Ij of noodles and 3 cans of soda. Each pack of noodles

B costs 3.5 dollars and each can of soda costs 1.2

e dollars. How much money did he spend in total?
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B 7 2B B A0 BEAC RS AT LLGE AT HL45 R A RIIE T ,
ELFR T A AR A g 4 R VIR R B 1 A4 B0 RS AN T A
AR o 20 g 1) 32 B 4 5 B A R T 4yt s LUK R
I, DRI LB 1 T R A TR S e A o R
BRI 55

FAh, AN T BRE h SCIB B SCF 1Y
PG I =S VN = B S8 1N 38 R s 0 Y 1 (1525 i e 2
WAL 167 XS X)), ChatGPT &% 224k
BCSERERLG 167 B CSERERLUN 1645 XFERY
FRRIART A TR OB T IRk . X FhEE S 2205
PEF PN LBl i LS SOk R B E &0, o it
A B T BOIE T B Y 24 ) B A TR R
B R

R, AR =N T fig 4 Rt n Bl % 2 A
H, e E R e, B, FTRUHZ S
R R, 5IFREH T “WTAZED” ok
Al N TH” XM fER A SR, XLfE
WA S AN SRk 45 2 B 2] H ARG LG, S R
N B AR A A fEE L BAN, A
TR BeH AR B IEA B 2 2 HLE R, FHAE RN
ZE 0] BEA HE AR R, H25 5 AR . il
ANAERS RN AR R b, ChatGPT &5 7 i FIr i 114
KA E e FE A T 3kt G 00 R 45 232 W A3 1
PSR E S, 38 R 2 VR B2 B0 i 1
FH LK T A= A, S 25, AR R AE A B VEA 5%,
LR AU

G, TR, Ll ChatGPT IARFE M A,
N TR RE BARTEHE S A T Z 0y R 5, H
JFARTE A S S AR N T I RE R . il AE
HEE RS SRS, 0 E T EAKEE R AL
i S 5 R0 O 1 P SRABEARY AR M R AR R4
K7 AR TEREAR, 75, AN TE
BRSNS . IS TR S5 E il , BT ER K
A BT B G R R P VR VR A T SR, X v AR
XTI — B8 W 55 A MELIRAZ 0. Bk, AT

BREAE RN AR T AR A St — 2/
JRIRRYE, RS S FAET R A

(2) AntEs

1. eSO B AL A

FIRLL Chat GPT AU AN TR BEAE BN B398
AR Z /IR, AP R %O RE ) BT iR X
RS A AR AR R AT . FRIE BLEY Be i
A AL S AL L PRI T T AR, 2
A3 ek AT R 2 T A B A AR R O 35 S A RE
AN TR BEFOR 240 BB R R 2 S
A PR IR A FEAGE T, AT DL LR A A
SLURE SR IBORAT it 03 ) A e S8 4 Jivi g 95 sh . A
e, O % AN R T R A8 AR 1 s B SR 4k RE
Jy, UHIEE R Zu B 4ERE Ty . HEAIPE I L fE
SO EYERE S . A BB s s A 2 ou
AERe Ty, A A BEPURN X 43 B S 5L 52 2% ]
U BE , JF e 258 N T4 R XE LA X 1) 52 B AT
5 RA R RAFn A B LERE ), F A A REXS
JRITRUNT 2 BE AR BN T3 REASE 1Y A R A L A 1
B, JFFEINRE]A TR REHOAR B R BR S H T Hm
P R RS EnenEt B 4Eae s, =46
IHAZ AR AR B B AR E U BB I 1 AR AT
G R REAIL AN A Ll SR B AR . R, BT
REEMETBIEE , T 2 E M A 5 W& 5 22
1E—ZRBH TAEH 7870 R B HOR AR S pr i ok i 1
SXHORAR L, T S HOM AR HOE PSR A R
BRI AR AI B2 T

2. A AT S N

1A B R R B SR R BLE UK T,
A AN T BEREAR 5 7 b X e T NS Hee N
ISR 2 BT B, JF 4 A [ A4 #f RN A FEAN
FEIVER . fEBer Dk, 5 2l BOm AU B R
PREEHATTA, R SCEOR AR 2B i o it
e, R TRAIE Sh N A SRR . BN, il
WE A R SCHRE N TR REB e, SR AL
ML Bt = AHUBRS I, sl A= S il B2
TPRESERIIE7 >, Rt RO APt o ) 5
BRI HEFRE A m B B e e ) A 2~
e fEHCFNA L, ZRRR A R 2= B A 1
It HFR FIZCAZER BRI 22 B O 3R IR 2 1A 1Y
AN RCE . BRI AN TR REAE RN AR AR D
Z B RArmy 216 5 AU A i S e ), Wi
Fr B At 2oy TalREREZ AR R o TG, 3T Al



2035248 | PEIEREHE

HESPALZE B g2, T 2Tk
TR . N TR RF SELELE ISR, Wi
X FRFIE S PR e e %> o

3. WA SEOR BAR

N TR R AR B 25 A DG e AR B i R AR R
o LLGPT &9 k61, M —4CGPT-1 2| H §i iy
ChatGPT Z: 7 T DUACEE B, R—ARA M REHR A I k4
G2 P (=N T 8 A£G T 151 7 T T S v N A D S T
M Re AL AL 19 AR N T BB AR 5
FrSAEmWI HEE, HAE AR & AR 55 B
PEfWE e — 48T, R ELa TR 75 0 P 2 S
NS ARRE . B, #OE T AR AE N TR
REF AR WP A&, W AR AT BT R A 2 1 3S
B, S E TAES R ROR g, ph g Al
P EE AR T B, UMETE AR E =S5 A
B, IR B B RN o R
ok CHBS AR, AT RE LA AR R 1 AL A
IR B SR A R A SR L, B, #
B AT T 2 i B O AR RN T e AR i i A
SR, X ECE N s, HEdE
il A OCTR AR, TR AR 5 20 F SR = B
fRIEE . M AN TR GEC &8 A 4% N2tk 2,
HE VN NSCHIE L AT, 12 S I 0ok i
Hew A,

ey

FE1 25 B, (2017-07-20). 1 —HN LA e & A (18 % (2017135
T, 4B AR IR g A RT3 hitp:/fwww.gov.cn/
zhengce/content/2017-07/20/content5211996.htm

Askell, A., Bai, Y., Chen, A., Darin, D., Ganguli, D., Henighan, T.,
Jones, A., Joseph, N., Mann, B., DasSarma, N., Elhage, N., Hat-
field—Dodds, Z., Hernandez, D., Kernion, J., Ndousse, K., Olsson, C.,
Amodei, D., Brown, T., Clark, J., ... Olah, C.(2021). A general lan-
guage assistant as a laboratory for alignment. arXiv preprint arXiv,
2112.00861.

Bommasani, R., Hudon, D. A., Adeli, E., Altman, R., Arora, S., Arx, S.,
Bernstein, M., Bohg, J., Bosselut, A., Brunskill, E., Brynjolfsson, E.,
Buch, S., Card, D., Castellon, R., Chatterji, N., Chen, A., Creel, K.,
Davis, J., Demszky, D., ... Liang, P.(2021). On the opportunities and
risks of foundation models. arXiv preprint arXiv, 2021:2108.07258.

Brown, T., Mann, B., Ryder, N., Subbiah, M., Kaplan, J., Dhariwal, P.,
Neelakantan, A., Shyam, P., Sastry, G., Askell, A., Agarwal, S., Her-
bert—Voss, A., Krueger, G., Henighan, T., Child, R., Ramesh, A.,
Ziegler, D., Wu, J., Winter, C., ... Amodei, D.(2020). Language mod-
els are few—shot learners. Advances in neural information processing

systems, 33, 1877-1901.

Christiano, P. F., Leike, J., Brown, T., Martic, M., Legg, S., & Amodei, D.
(2017). Deep reinforcement learning from human preferences. Advanc-
es in neural information processing systems, 30.

Devlin, J., Chang, W., Lee, K., & Toutanova, K. (2019). Bert: Pre—train-
ing of deep bidirectional transformers for language understanding.
Proceedings of the 2019 Conference of the North American Chapter of
the Association for Computational Linguistics: Human Language Tech-
nologies, 4171-4186.

Ho, J.,Jain, A., & Abbeel, P. (2020). Denoising diffusion probabilistic mod-
els. Advances in Neural Information Processing Systems, 33, 6840-6851.

Kosinski, M. (2023). Theory of Mind May Have Spontaneously Emerged
in Large Language Models. arXiv preprint arXiv, 2302.02083.

OpenAl. (2022-04-06). DALL - E 2. OpenAl https://openai.com/
dall-e-2/

OpenAl. (2022-11-30). ChatGPT: Optimizing Language Models for Dia-
logue.OpenAl. https://openai.com/blog/chatgpt/

Ouyang, L., Wu, J., Jiang, X., Almeida, D., Wainwright, C., Mishkin, P.,
Zhang, C., Agarwal, S., Slama, K., Ray, A., Schulman, J., Hilton, J.,
Kelton, F., Miller, L., Simens, M., Askell, A., Welinder, P., Christia-
no, P., ... Lowe, R.(2022). Training language models to follow instruc-
tions with human feedback. arXiv preprint arXiv, 2203.02155.

Roy, S., & Dan, R. (2015). Solving general arithmetic word problems.
Proceedings of the Conference on Empirical Methods in Natural Lan-
guage Processing, 15, 1743-1752.

Radford, A., Narasimhan, K., Salimans, T., & Sutskever, 1.(2018). Im-
proving language understanding by generative pre—training.

Radford, A., Wu, J., Child, R., Luan, D., Amodei, D., & Sutskever, 1.
(2019). Language models are unsupervised multitask learners. Ope-
nAl blog, 1(8), 9.

Raffel, C., Shazeer, N., Roberts, A., Lee, K., Narang, S., Matena, M.,
Zhou, Y., Li, Wei., & Liu, P. (2019). Exploring the limits of transfer
learning with a unified text—to—text transformer. Journal of Machine
Learning Research, 21, 1-67.

Schulman, J., Wolski, F., Dhariwal, P., Radford, A., & Klimov, O.
(2017). Proximal policy optimization algorithms. arXiv preprint arXiv,
1707.06347.

Vaswani, A., Shazeer, N., Parmar, N., Uszkoreit, J., Jones, L., Gomez,
A., Kaiser, L., & Polosukhin, 1. (2017). Attention is all you need. Ad-
vances in Neural Information Processing Systems, 30.

Wei, J., Bosma, M., Zhao, Y., Guu, K., Yu, W., Lester, B., Du, N., Dai,
A. M., & Le, V. (2021). Finetuned language models are zero—shot
learners. International Conference on Learning Representations, 10.

Wei, J., Wang, X., Schuurmans, D., Bosma, M., Chi, E., Le, Q., & Zhou,
D. (2022). Chain—of—thought prompting elicits reasoning in large lan-
guage models. Advances in Neural Information Processing Systems, 36.

Zhang, 7., Han, X., Liu, Z., Jiang, X., Sun, M., & Liu, Q. (2019). ER-
NIE: Enhanced Language Representation with Informative Entities.
Proceedings of the 57th Annual Meeting of the Association for Compu-

tational Linguistics, 1441-1451.
(T#ES51])

CHINESE JOURNAL OF DISTANCE EDUCATION 2023, NO.4



20348 | REIEIZHE @

SR, & YL (2018). “ FLIPM+ACET IR SITIEAS : 2% ERER R ——2E T COSS BRI IAER HT. 20 LW I, 40
MY IEVRRFIE S A8, A A (10),24-34. (6),1-8.

BT, & T IRFE. (2020). (RIEAEINH] : B S m A S 2R Lindberg, M. H., Chen, G., Olsen, J.A., & Abelsen, B. (2021). Explain-
B 52 FL T CGSS IR & # 10 B 1 2L M. 2y IR ing subjective social status in two countries: the relative importance
(9),5-11. of education, occupation,income and childhood circumstances.

JEIF , & 5K RS (2020). 15 5 30 Wl R AR SR EE BT SSM—population health(15), 1-10.

The Second Chance: Characteristics and Mechanism of the Influence of

Internet Learning on Class Acquisition
Yanlin Liu

Abstract: Under the background of the rapid development of education informatization, Internet learning pro-
vides a second chance for the disadvantaged citizens in formal education to move upward in the social strata.
Based on the data of the 2019 Chinese Social Survey, this study establishes econometric models to examine the
characteristics and mechanism of the influence of Internet learning on class acquisition. The study finds that in
terms of class acquisition, Internet learning can prevent poverty but has limitations. That is, Internet learning helps
to get out of the bottom class and into the middle class, but it does not help to enter the upper middle class and
leading class. The influence of Internet learning on class acquisition is different on people with different house-
holds and people within different work units. The mechanism of Internet learning to improve the acquisition of in-
dividual class is that Internet learning can improve objective social and economic conditions by improving human
capital, income and job satisfaction, reduce the separation of urban and rural systems and unit types to some ex-
tent, improve social cognition, and reduce the sense of deprivation.

Keywords: Internet learning; class acquisition; the character of preventing poverty; limitation; heterogeneity
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Educational Application and Prospect of Generative Artificial Intelligence:

Taking ChatGPT System as An Example
Yu Lu, Jinglei Yu, Penghe Chen, Muyun Li

Abstract: Generative Artificial Intelligence aims to automate the generation of multimodal data such as text,
image, video, and audio using artificial intelligence technology, and has received wide attention in education field.
Among them, ChatGPT, a text content generation system, reflects high potentials for multi-domain applications due
to its good natural language understanding and generation capabilities. In this study, ChatGPT is used as the main
object to explore the potential educational applications in four areas of teacher teaching, learning process, education-
al evaluation, and academic tutoring, based on its four core capabilities, namely, inspiring content generation capabil-
ity, dialogue context understanding capability, sequential task execution capability, and programming language analy-
sis capability. Based on this, preliminary validation of educational applications such as exercise generation, automatic
problem solving, and assisted grading are conducted on the real system. Finally, the limitations faced by AIGC sys-
tems represented by ChatGPT in educational application areas and the implications for education are further explored.

Keywords: Generative Artificial Intelligence; ChatGPT; Large Language Model; artificial intelligence applica-

tion in education
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